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Abstract: Influential research shows that college graduates achieve similar labor market outcomes
regardless of socioeconomic origin, leading to the view that a college degree is a “great equalizer.”
Still, other evidence suggests that family background continues to shape labor market outcomes
long after graduation, implying that college’s equalizing effect may largely reflect the characteristics
of those who pursue higher education. However, the role of unobserved selection into college has
rarely been examined. After formally illustrating how this unobserved selection can bias estimates of
the college effect, we present new analyses that correct for this bias using an instrumental-variable
approach on white male respondents in the 1979 cohort of the National Longitudinal Survey of Youth.
The selection-corrected results suggest that intergenerational mobility is similar among college
graduates and nongraduates. Although college yields substantial returns for all, these returns do not
differ by family background. We conclude that for higher education to serve as a true equalizer, it
must become both less selective and more accessible to students from disadvantaged backgrounds.
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Reproducibility Package: A replication package is available at https://osf.io/ne23f/. It includes all
code used for data cleaning and analysis as well as a cleaned data set derived from the public-use
NLSY79 data. Part of the analysis relies on restricted geographic data obtained through a data
contract with the BLS (see https://www.bls.gov/nls/request-restricted-data/nlsy-geocode-data.htm).
This is not included in the replication package but can be accessed through a BLS application.
The instrumental variables were drawn from the replication package of Carneiro, Heckman, and
Vytlacil (2011) (see https://www.openicpsr.org/openicpsr/project/112467/
version/V1/view).

THE influence of family origin and formal education on socioeconomic attainment
has been a central focus of sociological research for decades (Blau and Duncan

1967; Duncan, Featherman, and Duncan 1972; Jencks et al. 1972). Numerous studies
document a weak or nonexistent association between family background and labor
market outcomes among college graduates in the United States (Hout 1988; Torche
2011; Pfeffer and Hertel 2015; Brand 2023; Streib 2023) and in other modern societies
(Breen and Jonsson 2007; Breen and Müller 2020; Vallet 2020; see also an edited
version by Breen 2004). Based on the empirical observation that higher education
neutralizes the influence of parental background on occupational attainment, many
have credited college as the “great equalizer.”

In recent years, this dominant view has been challenged. Scholars increasingly
argue that the observed higher intergenerational mobility for college graduates
is driven by selection bias. In other words, the commonly observed “equalizer
effect” in previous research largely reflects a failure to account for the possibility
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that college graduates and nongraduates differ in characteristics that affect labor
market outcomes independently of socioeconomic background (Witteveen and
Attewell 2017; Karlson 2019; Zhou 2019; Fiel 2020; Yu and Elwert 2025; Yu and Zhao
2025). Academic performance and college success are linked to a wide range of
attributes that are also rewarded in the labor market, including cognitive ability
(Deary et al. 2007; Allensworth and Clark 2020; O’Connell and Marks 2021), future
expectations (Sewell, Haller, and Portes 1969; Morgan 2004), and personality traits
(Tross et al. 2000; Furnham, Chamorro-Premuzic, and McDougall 2003; Cucina and
Vasilopoulos 2005; Komarraju, Karau, and Schmeck 2009; Poropat 2009; Trapmann
et al. 2007; Corazzini et al. 2021; Mammadov 2021). Because many of these factors
cannot be adequately measured in survey data, failing to account for them may
overstate the effect of higher education on social mobility.

Even if all relevant traits could be measured without error, no single data set
could capture every factor influencing both college graduation and adult SES at-
tainment (Young 2018; Engzell and Mood 2023). It is unsurprising, then, that
unobserved selectivity in college graduation has been underexplored in studies of
intergenerational mobility. Past studies that did adjust for selection have reported
inconsistent results (e.g., Karlson 2019; Zhou 2019), and are based on observed char-
acteristics, often implicitly assuming that college completion is “as good as random”
once measured variables are controlled for. As we formally demonstrate below,
this assumption is difficult to determine a priori. To date, no study has explicitly
corrected mobility estimates for unobserved selection into college graduation.

Our analysis re-examines the “college as equalizer” thesis using an identifica-
tion strategy that directly accounts for unobserved selectivity in college completion.
Building on Carneiro et al.’s (2011) study of the causal effects of college on earn-
ings, we employ instrumental variables (IVs) and a variant of the Heckman sample
selection model (Heckman 1979; Winship and Mare 1992) that imposes no distri-
butional assumptions on the unobserved variables. Our models are estimated on
a sample of white men born between 1957 and 1964 in the National Longitudinal
Survey of Youth (NLSY) 1979. We restrict the analysis to white men because the IVs
required for identification are available only for this group. Although this limits the
generalizability of our findings, it allows direct comparison with prior studies that
used the same data set, often analyzing men and women separately (Torche 2011;
Karlson 2019; Zhou 2019; Yu and Elwert 2025; Yu and Zhao 2025).

Our findings challenge the conventional belief that a college degree equalizes
the influence of socioeconomic background on occupational and income attainment.
After we adjust for unobserved heterogeneity, the association between parental SES
and adult outcomes is strikingly similar for college graduates and nongraduates.
This pattern holds for intergenerational mobility in rank income, log income, and
occupational status. Individuals from disadvantaged backgrounds receive substan-
tial returns to a college degree but not larger returns than their more advantaged
peers. Thus, a college degree does little to offset the enduring influence of parental
background. In short, although college improves labor market outcomes, it does
not function as a “great equalizer.”
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Does a College Degree Hold Meritocratic Power?

Education is widely viewed as playing a central role in the association between
family background and labor market outcomes (Breen and Jonsson 2005; Hout and
DiPrete 2006). Hout’s (1984, 1988) seminal studies, for example, find no association
between occupational origins and destinations among U.S. college degree holders,
a result largely confirmed by Torche’s (2011) comprehensive re-analysis. Other
research likewise underscores the role of education in promoting income mobility
(Chetty et al. 2017; Bloome, Dyer, and Zhou 2018; van de Werfhorst 2024) and occu-
pational mobility across modern societies (Erikson and Jonsson 1998; Vallet 2004;
Breen and Jonsson 2007; Breen 2010). The prevailing interpretation of these findings
is that a college degree enables students from low-SES backgrounds to overcome
socioeconomic disadvantage and achieve labor market outcomes comparable to
their high-SES peers.

The mechanisms through which a college degree might act as an equalizer
remain understudied. Social theory suggests that a college degree enhances human,
social, and cultural capital, signals productivity, and promotes a meritocratic labor
market that limits class-based discrimination (Arcidiacono, Bayer, and Hizmo 2010;
Clark and Martorell 2014). Some scholars argue that college education equalizes
earnings across SES backgrounds by amplifying the role of chance and uncertainty
in labor market outcomes (Streib 2023). Nevertheless, even without considering
potential changes in the role of higher education over recent decades (see, e.g.,
Breen and Müller 2020), the “college as equalizer” thesis is open to both theoretical
and methodological critique.

The College “Selectivity Problem”

A central concern is that failing to account for characteristics that distinguish col-
lege graduates from nongraduates may bias estimates of intergenerational social
mobility by college status. Many of these factors are difficult to measure. College
graduates represent a highly selected group who must successfully navigate a series
of educational transitions in adolescence and early adulthood (Mare 1981, 1993).
Although family background shapes these decisions, cognitive skills, personal-
ity, motivation, and other difficult-to-observe traits and characteristics also play
meaningful roles (Tross et al. 2000; Furnham et al. 2003; Cucina and Vasilopoulos
2005; Deary et al. 2007; Komarraju et al. 2009; Poropat 2009; Trapmann et al. 2007;
Allensworth and Clark 2020; Corazzini et al. 2021; Mammadov 2021; O’Connell
and Marks 2021).

Estimates of the effect of college education on mobility are particularly vulnera-
ble to bias arising from the differential influence of resources and personality traits
on college entry across SES backgrounds. First-generation students from low-SES
families often lack the cultural expectations for attending college, economic re-
sources, and social support that their high-SES peers enjoy. As a result, they may rely
more heavily on personality traits such as diligence, goal orientation, self-efficacy,
and maturity (Collins 1971; Bourdieu 1977; Naumann, Bandalos, and Gutkin 2003;
Wilkins 2014; Castilla and Poskanzer 2022). For example, conscientiousness—one
of the big five personality traits—positively impacts both college degree attainment

sociological science | www.sociologicalscience.com 244 March 2026 | Volume 13



Zheng et al. Is College Really “the” Equalizer

and SES afterward (Alderotti, Rapallini, and Traverso 2023). If conscientiousness is
omitted from models predicting mobility, the estimated effect of college education
is likely overstated (Cameron and Heckman 1998; Karlson 2019).

The Hidden Impact of Family Background

Family background continues to shape socioeconomic outcomes even after college
graduation. It is widely accepted, for example, that class-based social capital plays
a critical role in employment and other labor market outcomes (Granovetter 1973;
Lin 1999; Fernandez and Fernandez-Mateo 2006; DiMaggio and Garip 2012). The
social networks of low-SES families often provide useful information about low-
wage job opportunities but are typically unhelpful for high-SES positions (Huang
and Western 2011). In contrast, high-SES networks are more likely to include
information about job openings in higher paying positions that require a college
education (Lin, Ensel, and Vaughn 1981; Erickson 2001; McDonald 2011). This
disparity is compounded by the greater diversity of high-SES networks relative
to lower-SES networks (Campbell, Marsden, and Hurlbert 1986; Erickson 1996;
McPherson, Smith-Lovin, and Cook 2001). These patterns are consistent with
research indicating that middle-class young adults possess greater knowledge of
how societal institutions function than their lower-income peers (Lareau 2015).

Institutional and cultural forces also help sustain a high-SES advantage after
college graduation. Employers often discriminate based on race, gender, and social
class through hiring (Ortiz and Roscigno 2009; Pager, Western, and Bonikowski
2009; Rivera 2012; Kang et al. 2016), job allocation, promotion, and compensation
(Penner 2008; Cotter et al. 2001). Differences in occupational niches and related
labor market characteristics further contribute to persistent advantages (Witteveen
and Attewell 2017; Manzoni and Streib 2019). Rivera (2015) shows that elites tend
to recruit elites, reducing the chances for applicants from less affluent backgrounds
to secure high-level white-collar jobs. Similarly, Laurison and Friedman (2016)
identify a working-class penalty in these occupations. In addition, Birkelund (2024)
demonstrates that individuals entering occupations held by family members often
receive a wage premium compared to those without a family history in the field.

Previous Attempts to Adjust for Selectivity

A few studies have attempted to correct for selectivity into college completion based
on various sets of observed personal characteristics (Karlson 2019; Zhou 2019; Yu
and Elwert 2025; Yu and Zhao 2025), all using the same NLSY data employed in
our analysis. These studies agree that college graduates and nongraduates differ in
skills, aspirations, and other background characteristics. However, they diverge on
the extent to which these differences influence intergenerational mobility. Using
reweighting techniques to account for selectivity, Zhou (2019) finds that obtaining a
college degree has no effect on income mobility—average intergenerational income
mobility is similar for those with and without a college degree. After adjusting
for a slightly different set of observable control variables, Yu and Elwert (2025)
and Yu and Zhao (2025) reach similar conclusions. In contrast, employing similar
reweighting methods to Zhou’s, Karlson (2019) concludes that selectivity does not
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explain higher levels of intergenerational occupational mobility among college
graduates. These inconsistent findings likely reflect differences in the outcomes
examined and the specific choice of control variables from a multiverse of possible
combinations (Young 2018; Engzell and Mood 2023).

All of these studies account for selectivity into college graduation using only
observed variables and therefore must assume that any remaining selection is “as
good as random.” Although Zhou’s (2019, P. 477) sensitivity analysis suggests
that unobserved factors are unlikely to have affected results, his estimates do not
explicitly account for them.1 Observed differences between graduates and non-
graduates can be directly included in a model if adequately measured. In practice,
however, we are rarely aware of all potential sources of bias. Even if we have
perfect knowledge of all sources of bias, suitable data on every relevant predictor
seldom—if ever—exists. Ignoring unobserved selectivity in college graduation may
therefore lead to an incomplete understanding of the relationship between college
education and social mobility. The challenge is further complicated by the difficulty
of determining a priori whether omitting unobserved characteristics attenuates or
amplifies the estimates of the effects of college and family background on adult SES.
We formally demonstrate this problem below.

How Selectivity in College Completion Might Bias Esti-
mates of Social Mobility

Before discussing our approach, it is helpful to consider how unobserved selectiv-
ity can bias mobility estimates for both college graduates and nongraduates. To
illustrate this, we represent the effect of college attainment on intergenerational SES
associations using an endogenous switching regression model (Mare and Winship
1987; Winship and Mare 1992). This model evaluates the causal relationship be-
tween college graduation and SES outcomes using a potential outcomes framework
(Morgan and Winship 2015). Let Y denote the potential SES outcome (e.g., income
or occupational status) of a child and x denote the observed SES outcome for the
child’s parent. Irrespective of whether they completed college, each child has two
potential SES outcomes: the outcome if they had completed college (Y1) and the
outcome if they had not completed college (Y0). The potential SES outcome if the
child has not completed college is given by

Y0 = a0 + b0x + e0, (1)

and if the child completed college is given by

Y1 = a1 + b1x + e1, (2)

where b0 and b1 represent the average effects of parental SES on the potential SES
outcomes, and a0 and a1 are constants. The influence of unobserved variables is
captured by the random error terms e0 and e1, which are assumed to be normally
distributed and correlated. We assume normality only for illustrative purposes:
it enables us to easily obtain analytical results. Later, when we estimate selection
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models, we relax the normality assumption. Finally, b1 and b0 are assumed to
be fixed, meaning that they represent averages in the population independent of
individual responses to parental outcomes (Heckman and Vytlacil 1999).

Given that the potential outcomes Y0 and Y1 are not independently observed, the
observed SES outcome is expressed as a mixture model of the potential outcomes:

Y = Y1D + (1 − D)Y0, (3)

where D represents a dummy regressor coded 1 for college completion and 0 for no
college completion. D is obtained from the selection equation:

D = 1 (α + βx + u > 0) , (4)

where α is a constant and β is the coefficient representing the effect of parental SES
(x) on college completion, D. Equations (1), (2), and (4) constitute the endogenous
switching model, assuming u, the error term in the selection equation, is correlated
with the error terms, e0 and e1, in Equations (1) and (2).

The selectivity of college graduates and non-college graduates is represented
by the correlations (ρ) between u and e0 and e1 (Mare and Winship 1987). When
ρe1,u > 0, there is positive selection into the college graduation state—that is, net
of parental SES, the potential SES outcome is higher for college graduates than
it would be for the average person in the population. When ρe0,u < 0, there is
positive selection into the nongraduate state—that is, nongraduates have a higher
probability of the potential outcome than the average person in the population. If
ρe0,u > 0, there is negative selection among nongraduates. In this case, nongraduates
have lower potential SES outcomes than the population average. If selection into
college graduation is positive but selection into the nongraduate state is negative,
the sorting into college is suboptimal and potentially inequality-enhancing in the
sense that in the absence of college, outcomes would have been more similar.2

Critical for our study, the direction and magnitude of the correlations in the
errors can bias the estimated intergenerational SES associations among both those
with and without a college degree. We now formally show why this is so (for
detailed proofs, see the online supplement B). We start with the impact for those
with a degree, D = 1:

b̂1 =
cov (Y, x | D = 1)

var (x | D = 1)
=

cov (Y |D = 1, x| D = 1)
var (x | D = 1)

=
E
(

Y |D = 1 · ((x| D = 1)− µx|D=1)
)

var (x | D = 1)

=

E




Y|D=1︷ ︸︸ ︷
a1 + b1

(
x
∣∣∣ D = 1 − µx|D=1

)
+ e1|D = 1

 ·
(
(x

∣∣∣ D = 1)− µx|D=1

)
σ2

x|D=1

=
E
(

a1 · ((x|D = 1)− µx|D=1)
)
+ E(b1((x|D = 1)− µx|D=1) · ((x|D = 1)− µx|D=1))

σ2
x|D=1

+
E(e1|D = 1 · ((x|D = 1)− µx|D=1))

σ2
x|D=1

=
b1σ2

x|D=1 + ρe1,u σe1 cov
(

φ(α+βx)
Φ(α+βx) , x|D = 1

)
σ2

x|D=1

, (5)
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where µx|D=1 = E(x|D = 1) and where the third equality uses

cov (y, x) = cov(y, x − E (X)) = E(y · (x − E (X))).

We have that s1 = −
cov

(
φ(α+βx)
Φ(α+βx) ,x|D=1

)
σ2

x|D=1
. Because s1 > 0 when β > 0 (i.e., parental

SES is positively correlated with offspring college attainment), the estimated effect
of parental SES for those with a college degree, D = 1, is

b̂1 = b1 − ρe1,u σe1 s1. (6)

Similarly, the estimated effect of parental SES for those without a degree, D = 0, is

b̂0 = b0 − ρe0,u σe0 s0, (7)

where

s0 = −
cov

(
− φ(α + βx)

1 − Φ(α + βx)
, x | D = 0

)
σ2

x|D=0

. (8)

The nature and magnitude of omitted variable bias in Equations (6) and (7) depend
on the correlations among the error terms. If there is positive selection into both
states—that is, ρe1,u > 0 and ρe0,u < 0—the intergenerational SES association will
be understated for college graduates and overstated for nongraduates. In this
case, the “true” effect of a college degree on mobility is smaller than conventional
estimates of the intergenerational SES associations by college attainment (b̂1 and
b̂0) suggest. Conversely, if there is positive selection into the college graduation but
negative selection into the nongraduate state—that is, ρe1,u > 0 and ρe0,u > 0—-both
associations will be understated. Because the bias also depends on the magnitude
of the error correlations, it is difficult to determine a priori whether it would weaken,
have no effect on, or reinforce the conclusion that college functions as an equalizer.

The nature of the bias is further complicated by the fact that s1 and s0 also
influence its magnitude. Intuitively, these terms act as scaling factors that translate
unobserved selection into bias in the estimated intergenerational association for
graduates and nongraduates. They are determined by how the variance in parental
SES is divided between the two groups: if one group is drawn from a narrower
segment of the parental SES distribution, a given amount of unobserved selection
has a larger impact on the estimated slope for that group. Because the composition
of the graduate and nongraduate groups depends on the share of the population
that completes college, the percentage graduating directly affects the relative size of
s1 and s0 and thus the magnitude of the resulting bias.

The two terms, s1 and s0, depend on the variances of x (parental SES) conditional
on the two values of D. The direction and size of the bias associated with s1 or s0 are
affected by the percentage of the population completing a college degree. If fewer
than half the population obtains a degree (E(D) < 0.5), then s1 > s0, implying
that b̂1 < b̂0 even if b1 = b0, all else equal. In other words, even when the “true”
effect of parental SES is identical for graduates and nongraduates, the estimated
effect will incorrectly appear weaker for graduates.
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Figure 1: Estimated intergenerational SES association for college graduates (b̂1) and non-graduates (b̂0) when
the true effects are identical (b1 = b0 = 1), by proportion of the cohort with a college degree. Note: Simulated
data.

As shown in Figure 1, if the true effects are identical (b1 = b0 = 1), the dis-
crepancy in estimated intergenerational associations declines as the proportion of
a cohort with a college degree approaches 50 percent. The two curves converge
and intersect when half the cohort completes college. Consequently, because the
share of the population with a college degree rose from about 25 percent for those
born around 1950 to about 40 percent for those born around 1980 (Horowitz 2018),
we would expect the estimated associations to have converged over time, all else
being equal. This analytical prediction aligns with empirical findings indicating
that the effect of family background on college graduation has strengthened as
college attainment has increased (see Torche 2011). In theory, this convergence
could have been offset by changes in the correlations of the error terms over time.
For example, as college enrollments expand, admissions may become less selective,
and the composition of graduates in terms of unobserved characteristics may shift,
potentially altering the strength of these correlations.

To summarize, failing to account for selectivity into college graduation in re-
search on intergenerational mobility could create three key problems: (1) the esti-
mated impact of college on SES outcomes may be overstated, (2) intergenerational
SES associations for both college graduates and nongraduates may be biased, and
(3) these associations could appear to differ for graduates and nongraduates even if
the true effects are identical. These potential problems underscore the importance
of correcting for college selectivity when assessing intergenerational social mobility,
with particular attention to unobserved heterogeneity. Building on Carneiro et al.
(2011) analysis of the heterogeneous returns to schooling, our approach is the first
to directly examine the potential influence of unobserved factors on whether college
functions as an equalizer.
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Data and Methods

We use public-use and restricted geographic data from the NLSY (NLSY79). Di-
rected by the U.S. Bureau of Labor Statistics, these data were collected annually
and later biennially between 1979 and 2022. The NLSY79 is a panel survey of
a national probability sample of 12,686 Americans born between 1957 and 1964
(aged 14–22 during the first interview in 1979). We restrict our analysis to white
men for three reasons. First, it enables direct comparison with Carneiro et al.’s
(2011) influential study on the returns to college, which used the same data and
from whose replication package we obtained our IVs. Second, credible IVs are
available only for white males, as their replication package contains IVs solely for
counties in which white men were sampled. Third, including women and black
respondents would complicate our assessment of heterogeneity in the returns to
a college degree because these groups face distinct educational and labor market
opportunities (Carneiro et al. 2011).3

Although Carneiro et al. (2011) examined heterogeneous returns to schooling,
they did not assess its role in social mobility. We necessarily augment their origi-
nal data with information on parents’ and respondents’ occupational status and
permanent family income. Some respondents were missing data on these variables—
particularly parental information—resulting in different effective sample sizes for
our three mobility outcomes: N = 1,259 for log income, N = 1,312 for rank income,
and N = 1,544 for occupation SES. As a robustness check, we also fitted the models
using imputed values for missing information on parental income, derived from
other parental characteristics such as education, occupational status, and marital
status (for a similar approach, see Jácome, Kuziemko, and Naidu 2024). Table 1
presents descriptive statistics for the three analytical samples.

Occupational Mobility

Occupational mobility is measured using Duncan’s (1961) socioeconomic index
(SEI). The NLSY79 provides SEI scores based on 1970 census occupation codes,
with later censuses harmonized through appropriate crosswalks. Respondent’s
SEI is calculated as the average SEI score reported from ages 34 to 42, reflecting
occupational maturity. Parental SEI was collected only in the initial 1979 wave of the
NLSY. We use the highest SEI score of the child’s two parents; if only one parent’s
information is available, we use that parent’s score.

Income Mobility

We measure income mobility using total family income, expressed in constant
2017 U.S. dollars. For parental income, we follow Davis and Mazumder (2024),
calculating the average of up to three reports on total family income from 1979 to
1981. Respondent’s income is calculated as the average of five measurements taken
between ages 36 and 45. We examine two widely studied measures of income
mobility: the intergenerational elasticity based on log income and the income
rank–rank association (Torche 2015; Deutscher and Mazumder 2023). Because
elasticities are sensitive to outliers, we restrict the log-income values to the first to
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Table 1: Descriptive statistics and means (standard deviations).

Nongraduates Graduates Total

Mobility variables
Parental income ranks 0.64 (0.24) 0.75 (0.21) 0.67 (0.24)
Adult income ranks 0.55 (0.25) 0.79 (0.19) 0.62 (0.26)
Sample size 986 (75.1%) 326 (24.9%) 1,312 (100%)
Parental log income 11.22 (0.52) 11.43 (0.48) 11.27 (0.52)
Adult log income 11.15 (0.63) 11.71 (0.62) 11.30 (0.68)
Sample size 952 (75.6%) 307 (24.4%) 1,259 (100%)
Parental occupational status (Duncan SEI) 40.90 (21.79) 59.54 (20.51) 46.33 (23.03)
Adult occupational status (Duncan SEI) 36.63 (19.30) 63.79 (16.46) 44.21 (22.16)
Sample size 1,098 (71.1%) 446 (28.9%) 1,544 (100%)
IVs
Presence of public four-year college at 14 48.6% 62.4% 52.5%
Local log earnings at 17 10.28 (0.18) 10.26 (0.20) 10.28 (0.19)
Local unemployment at 17 (in %) 7.11 (1.78) 7.02 (1.90) 7.08 (1.81)
Tuition in public four-year colleges

in county of residence at 17 (in $100) 21.68 (7.93) 21.27 (8.10) 21.51 (7.98)
Control variables
Years of experience as of 1991 9.51 (3.35) 5.89 (2.76) 8.49 (3.58)
Adjusted AFQT score 0.15 (0.99) 1.21 (0.95) 0.50 (1.05)
Mother’s years of education 11.58 (2.15) 13.43 (2.26) 12.12 (2.33)
Number of siblings 3.11 (2.00) 2.47 (1.56) 2.93 (1.91)
Urban residence at 14 72.0% 80.7% 74.4%
Permanent local log earnings at 17 10.27 (0.16) 10.28 (0.19) 10.28 (0.16)
Permanent state unemployment rate at 17 6.30 (0.99) 6.12 (0.95) 6.25 (0.99)
Log local earnings in 1991 10.27 (0.16) 10.35 (0.17) 10.29 (0.17)
Local unemployment rate in 1991 (in %) 6.84 (1.31) 6.74 (1.16) 6.78 (1.27)
Born in 1957 11.5% 11.4% 11.5%
Born in 1958 10.4% 13.3% 11.2%
Born in 1959 13.3% 8.9% 12.0%
Born in 1960 15.3% 14.5% 15.1%
Born in 1961 15.0% 14.7% 14.9%
Born in 1962 19.4% 18.9% 19.3%
Born in 1963 15.0% 18.2% 15.9%
Full sample size 1,255 (71.8%) 492 (28.2%) 1,747 (100%)

99th percentiles (Jäntti and Jenkins 2015). Supplementary analyses show that our
main findings hold regardless of whether this restriction is applied (see the online
supplement Table A1).

College Attainment

Although the NLSY79 records education in years, its documentation indicates that
16 years of formal schooling is equivalent to completion of a four-year college
degree (Bureau of Labor Statistics 2019). Accordingly, respondents with 16 years or
more years of education are coded as college graduates (coded 1), whereas those
with less than 16 years are coded as nongraduates (coded 0). Education is measured
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at age 30, or, if data at that age are missing, at the closest available age (from ages
26 to 34).

Control Variables

Following Carneiro et al. (2011), we control for a range of observed characteris-
tics known to influence educational and labor market outcomes. Including these
controls reduces the burden on the exclusion restrictions, thus strengthening the
credibility of the IVs we later describe (Card 2001).

At the individual level, we account for mother’s years of schooling, number
of siblings, whether the respondent lived in an urban area at age 14, cognitive
ability, years of labor market experience, and year of birth. Cognitive ability is
measured using the armed forces qualification test (AFQT), adjusted for years of
schooling at the time of testing because AFQT scores partly reflect learned skills
and educational attainment rather than pure ability (see Hansen, Heckman, and
Mullen 2004). Years of experience, a key determinant of earnings in the human
capital framework, reflects the total number of years the respondent had spent in
the workforce by 1991. Year of birth is included as a factor to control for cohort
effects that may influence both educational attainment and labor market outcomes.

We also include four contextual variables capturing stable local labor market
conditions: logged average earnings in the respondent’s county of residence in
1991, the state-level unemployment rate in 1991, and two retrospective measures
from age 17—permanent local log earnings and permanent state unemployment.
These variables help isolate random variation in college enrollment decisions from
persistent features of local labor markets, which is essential for interpreting the
effects of the IVs.

Instrumental Variables

We leverage the four IVs developed by Carneiro et al. (2011) to correct for heteroge-
neous selection into college graduation. For a variable to serve as a valid IV, it must
influence college enrollment (relevance) and affect socioeconomic attainment only
through college completion (the exclusion restriction).

Presence of a four-year college in the county of residence at age 14. This variable
captures proximity to college, a commonly used IV in labor economics (Card
2001). It assumes that living near a college increases the likelihood of attending by
reducing financial and logistical barriers (relevance). At the same time, it should
not directly influence labor market outcomes decades later (exclusion restriction);
that is, it is unlikely that employers consider the presence of a college near an
applicant’s teenage residence when making hiring decisions. Still, local economic
conditions correlated with the presence of a college could indirectly influence adult
outcomes. To mitigate this concern, we control for a wide array of factors to isolate
the exogenous effect of college proximity. At the county level, we include long-term
average wages (1973–2000 average), 1991 average wages, and 1991 unemployment
rates. At the individual level, we control for cognitive ability (AFQT), mother’s
education, family size, urban residence, and birth cohort.
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Average tuition in public four-year colleges in the county of residence at age 17. This
IV, also common in labor economics (Card 1999), assumes that higher tuition in-
creases the financial cost of attending college, thereby reducing college attendance
(relevance). Although tuition indirectly affects labor market outcomes by influenc-
ing educational attainment, it is unlikely that the tuition paid by earlier cohorts
directly impacts individuals’ labor market outcomes years later (exclusion restric-
tion). As with the first IV, our extensive controls help remove any potential direct
influence, ensuring that average tuition during adolescence affects adult outcomes
only through its effect on college attendance.

Local earnings fluctuations in the county of residence at age 17. This IV, first used
in Cameron and Heckman’s (1998) influential study of educational transitions,
assumes that temporarily higher local wages during adolescence increase the im-
mediate incentive to enter the workforce after high school, thereby reducing the
likelihood of college enrollment (relevance). Admittedly, local labor market con-
ditions during adolescence could also directly affect adult outcomes if they reflect
persistent economic advantages or disadvantages, thus potentially violating the
exclusion restriction. However, by controlling for permanent local labor market
conditions and explicitly including county wages in 1991, the remaining variation
captures wage fluctuations rather than stable local economic conditions. We argue
that these short-term wage fluctuations influence adult labor market outcomes only
indirectly, through their effect on college attendance (exclusion restriction).

Local unemployment rate fluctuations in the state of residence at age 17. Also em-
ployed by Cameron and Heckman (1998), this IV suggests that temporarily high
unemployment rates at adolescence lower the immediate opportunity cost of at-
tending college, thus increasing college enrollment (relevance). As with local
wages, unemployment conditions during adolescence could potentially influence
adult labor market outcomes directly, independently of education, which would
threaten the exclusion restriction. To address this, we control for stable labor market
conditions—including the long-term average state unemployment rate (1973–2000)
and the state unemployment rate in 1991—cognitive skills (AFQT), and a rich set
of family-background characteristics. These controls help ensure that temporary
unemployment fluctuations in adolescence affect adult outcomes only indirectly,
through their influence on college completion (exclusion restriction).

Because our identification strategy relies on the validity of four IVs—which
cannot be directly tested—we conducted sensitivity analyses that sequentially
omitted IVs from the model. The results demonstrate strong robustness: across 15
alternative specifications—including those that exclude the two local labor market
IVs—our core findings remain unchanged (see the online supplement Tables A10–
A12). We also probed possible exclusion violations through migration or social
capital channels, by regressing migration across county or state from ages 17 to
30, religious attendance in 2000, volunteering in 2006, and job-finding through
social networks on the first-stage predictors (online supplement Table A13). These
tests were overall insignificant; the few borderline unadjusted p values do not
survive corrections for multiple testing, providing no systematic evidence that
the instruments operate through these channels. Our strategy also depends on
instrument relevance: all four IVs significantly predict college attainment, though
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the local labor market IVs are somewhat weaker than the distance and tuition IVs
(online supplement Tables A6–A8). In short, our results are not driven by any single
IV whose exclusion restriction might be questionable. Further discussion of IV
validity is provided in the Discussion section.

Analytical Approach

Our goal is to assess the extent to which intergenerational mobility in income and
occupation differs between college graduates and nongraduates, correcting for
selectivity bias. Our analytical approach builds on the Heckman sample selection
model (Heckman 1979; Winship and Mare 1992) and parallels the general specifi-
cation of Carneiro et al. (2011). Although the method can be applied to any labor
market outcome, we focus on family income and occupational SEI. Returning to
Equations (1) and (2), we are particularly interested in b1 − b0, which represents the
difference in the estimated effects of parental SES (x) on children’s potential SES
outcomes (Y) for nongraduates (D = 0) and college graduates (D = 1).

As our analytical results demonstrate, standard OLS estimates may be biased
and inconsistent if there is unobserved selectivity in college completion. Fortunately,
unbiased estimates for D, x, and the differences between the coefficients (b1 − b0)

can be obtained using an endogenous switching regression model with IVs (Winship
and Mare 1992). We begin by modeling college attendance as a function of the IVs:

D = 1(α + βx + γz + u), (9)

where z is a vector of variables that, while possibly correlated with x, are indepen-
dent of the potential outcomes and of U0 and U1. In other words, z satisfies the
criteria for a valid IV (Heckman and Vytlacil 1999). We then have

E (Y | X = x, Z = z) = E (Y | X = x, P (Z) = p) , (10)

where P (Z) = FV (γz) = P (D = 1 | X = x, Z = z). The conditional expectation of
Y given X = x and P(Z) = p is

E (Y | X = x, P (z) = p)

= E (Y0 | X = x, P (z) = p) + E (Y1 − Y0 | X = x, D = 1, P (z) = p) p. (11)

Using Equation (9) to estimate p, this can be written as

a0 + b0x + (a1 − a0 + (b1 − b0) x) p +
∫ ∞

−∞

∫ p

0
(e1 − e0) f (e1 − e0|X = x, V = v)

dvd (e1 − e0) = a0 + b0x + (a1 − a0 + (b1 − b0) x) p + K (p) , (12)

where V = FU (U) and K (p) =
∫ p

0 E (e1 − e0|X = x, V = v)dv.
A note on the role of the instruments, z, is warranted. Returning to Equation (12),

if z were omitted, identification of b1 − b0 would depend on correctly specifying
p, which is a nonlinear function of x. When included, γz (assuming a continuous
distribution) captures the independent variation in p across all values of x, meaning
that p is nonparametrically identified independently from the effect of x. Because
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z is independent of the potential outcomes (even if conditional on x), including it
in the college completion model (Eq. [9]) is equivalent to randomly assigning a
value of z to each respondent. This random variation in college completion, net of x,
allows estimation of the causal effect of college across many values of x, provided
that z varies at all values of x. This requirement, known as the issue of common
support (Heckman and Vytlacil 1999), ensures that each college graduate (D = 1)
can be compared to a similar nongraduate (D = 0) with comparable p. If this
condition is not satisfied, it is impossible to estimate the full potential distribution
of outcomes of both college graduates and nongraduates.4

Our models differ from the general specifications of Carneiro et al. (2011) in
several necessary ways. First, while they examined college enrollment, we focus
on college completion, so our college indicator reflects education attainment by
age 30.5 Second, we use more comprehensive measures of respondents’ permanent
income and SEI. Third, we re-specify the model to enable direct assessment of the
intergenerational associations in occupation and income for both college graduates
and nongraduates.

Returning to the model, let D denote college attainment, Y0 and Y1 denote the
SES of those without and with a college degree, x denote parents’ SES, m denote
the control variables, and z denote the IVs. The selection equation is then given by

D = 1 (a + θx + γm + δz + uD) , (13)

and the outcome equations are given by

Y0 = κ0 + β0x + µ0m + e0, (14)

Y1 = κ1 + β1x + µ1m + e1, (15)

where θ represents the effect of parental SES, γ is the effects of the observed control
variables, δ is the effect of the instruments, all on college completion, and β0 and β1
capture the intergenerational associations in SES corrected for selectivity net of the
control variables, m.

We focus on the difference in the intergenerational association in SES for college
graduates and nongraduates under the assumption that sorting into college is as
“good as random” (Karlson 2019). Our interest lies in the marginal associations,
rather than the partial associations controlling for m. To achieve this, we orthogo-
nalize the relationships between the control variables, m, and parental SES, x, using
the residuals from the linear model:

mk = n + τx + m̃k. (16)

We then replace m with m̃ in the selection and outcome equations:

D = 1 (a+θx+γm̃+δz+uD) , (17)

Y0 = l0 + β∗
0x + µ0m̃ + e0, (18)

Y1 = l1 + β∗
1x + µ1m̃ + e1, (19)
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where m̃ is a vector of the control variables, k = 1, . . . , K. Importantly, residualizing
the control variables does not alter their coefficients; it only affects the coefficients
for parental SES, giving them a marginal association interpretation.

We are interested in the total effect of x on Y, regardless of whether the variables
in m̃ act as confounders or mediators. For example, the controls include cognitive
ability (a confounder) and parenting styles (a mediator). The total effect of x absorbs
the influence of both innate ability and parenting styles. The coefficients β∗

0 and
β∗

1, our key parameters of interest, thus represent the intergenerational associations
in SES while correcting for selectivity into college graduation. By including both
IVs to account for unobserved heterogeneity and residualized control variables,
we ensure that β∗

0 and β∗
1 are not affected by confounding factors beyond sample

selection.
Assuming suitable instruments are used, Equation (12) produces consistent

estimates. These estimates can be obtained in at least three ways (Brave and
Walstrum 2014; Andresen 2018). First, assuming joint normality of e1, e0, and uD
allows for the standard endogenous switching model (Winship and Mare 1992).
Second, K (p) can be approximated with a polynomial in p. Following the Stone–
Weierstrass approximation theorem (Rudin 1973), K(p) can be closely approximated
by a suitable polynomial in p. That is, an estimate of p is obtained from Equation (9),
and then a sufficiently high-order polynomial is added as a control function to the
estimating equation. This approach is relatively straightforward, computationally
undemanding, and makes no distributional assumptions about e1, e0, and uD. The
appropriate polynomial order is determined by adding higher order terms until
model fit no longer improves. Third, K (p) can be estimated semi-parametrically
using local IVs (Heckman and Vytlacil 1999). We employ all three estimation
approaches in our empirical analyses.

We fit a set of four competing models to predict each of the three outcomes:
log income, rank income, and occupation-based SES. These models differ in their
assumptions about the distribution of the error terms. Model 0 is a standard linear
regression model that completely ignores selection bias related to college comple-
tion, making no correction for selectivity. This model aligns with the conventional
approach to test the “college as equalizer” hypothesis. Model 1 is a standard en-
dogenous switching model that assumes all unobserved variables (i.e., the error
terms in the two potential outcomes and the college completion equation) are jointly
normally distributed. This implies that K(p) is equal to the inverse Mills ratio mul-
tiplied by a regression coefficient capturing the correlation between ej, j = 0, 1
and u for each value of D = 0, 1. By assuming joint normality, model 1 imposes
the strictest assumptions on the errors. Models 2 and 3 relax the assumption of nor-
mality by approximating the functional form of the effects of unobserved variables
using polynomials for the IVs in Equation (12) (model 2 is linear and model 3 is
quadratic). Model 4, the least restrictive of the models, estimates the polynomial
semi-parametrically using the local IVs in Equation (12).

A lack of common support in the IVs for college graduates and nongraduates
can lead to biased and inefficient estimates (Carneiro et al. 2011; Andresen 2018).
Figures A1 and A2 in the online supplement illustrate the level of common support
in our analyses. Consistent with Carneiro et al. (2011), we do not observe full
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support. For the parametric switching models, this issue is addressed through
extrapolation using the assumed functional form (e.g., multivariate normality).
Similarly, for the polynomial approach, values of p in unsupported intervals are
replaced via polynomial extrapolation. For the semiparametric models, estimation
was limited to the sample with overlapping support. To assess the potential impact
of limited support, we also fitted supplementary models trimming 5 percent and
10 percent of the sample. Estimates from these models, reported in the online
supplement Tables A3–A5, are consistent with our main results.6 In short, we are
confident that our findings are not driven by a lack of common support.

Unlike conventional IVs methods such as two-stage least squares, which identify
average effects for a specific subpopulation of “compliers” (i.e., individuals whose
treatment status is affected by the instrument), our approach builds on the more
general estimator developed within the marginal treatment effect framework (Heck-
man and Vytlacil 1999, 2005). Specifically, we employ the local IVs method, which
identifies causal effects across the full distribution of the unobserved propensity to
complete college. This approach allows us to recover treatment effect estimates that
are not limited to individuals influenced by a particular instrument. Instead, we
trace how the effects of college vary across individuals with different latent propen-
sities, providing a richer understanding of unobserved selection. Consequently, our
estimates are not local in the LATE (local average treatment effect) or CACE (com-
plier average causal effect) sense. Rather, they reflect broader variation in returns to
college across our study population. Our conclusions are thus less dependent on a
narrow complier subgroup and more informative about population-level patterns
of selection and mobility—at least within the population of white men that we
analyze.

Results

Table 2 reports the results from the four model specifications for all three intergen-
erational SES mobility outcomes: logged income, ranked income, and occupational
SES. For each outcome, the first column contains the estimated intergenerational
association for non-college graduates (b0), the second column contains the estimated
association for college graduates (b1), and the third column displays the difference
between the intergenerational association for college graduates and non-college
graduates (b1 − b0). This difference is equivalent to a college completion × parental
SES interaction term.

We start with the results for mobility in log income. Given that both parental
income and respondents’ income are logged, the effects represent elasticities. Model
0, which does not correct for selectivity, produces estimates that are consistent with
the standard “college-as-equalizer” finding reported in the literature. For college
graduates, the elasticity is only 16 percent; it is 32 percent for nongraduates. The
difference between the two elasticities (b1 − b0 = −0.17) is negative and statistically
significant. Consistent with previous studies, the general conclusion from model 0
is clear: obtaining a college degree is a central driver of intergenerational mobility.

We now turn to the results from models 1 to 4, which correct for selectivity.
Although they have different specifications to account for unobserved heterogeneity,
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they produce similar results. Compared to the uncorrected models, however, these
models produce a quite different conclusion. In contrast to model 0, they provide
no evidence that college is an equalizer. Relative to the uncorrected model, the
elasticity differs only slightly for nongraduates (falling from 0.32 to 0.28 in model 4)
but the estimates for college graduates are significantly higher (rising from 0.16 to
0.45 in models 2 and 3). In contrast to model 0, which demonstrates a significantly
stronger elasticity for nongraduates (b1 − b0 = −0.17), the differences are positive,
although not statistically significant, in all four models.

After correcting for selectivity, intergenerational social mobility for college
graduates is similar, and perhaps even lower, than for nongraduates. In other
words, obtaining a college degree does not equalize the effect of parental income.
The selectivity correction also affects the elasticity estimates for graduates and
nongraduates differently (cf. Eqs. [6] and [7]), revealing a strong positive selection
into college graduation but little selection among those who do not obtain a college
degree. That is, individuals who complete college tend to possess unobserved
characteristics associated with higher SES outcomes, whereas those who do not
complete college do not systematically differ from the population average in these
unobserved traits.

As shown in Table 2, the rank–rank income mobility models convey the same
substantive story. As with log income, the non-selectivity corrected estimates
(model 0) reveal college as an equalizer; the selectivity-corrected models (models
1–4) do not. After correcting for selectivity, the effect of parental income reduces
slightly for nongraduates but it is substantially larger for college graduates (b1 =

0.16 in model 0; it is never lower than 0.34 in the selectivity-corrected models).
Finally, like log income, all the selectivity-corrected differences in the rank–rank
income association between college graduates and nongraduates are positive but
statistically insignificant.

The pattern for intergenerational mobility in occupational SES is similar, even
if mobility rates are generally higher than for income (i.e., the coefficients are
smaller).7 The smaller coefficients, especially for college graduates, most likely
reflect that the average education of occupations is included in the calculation of
occupational SES (Duncan 1961). Similar to the results for income, the standard
model (model 0) suggests that college is an equalizer. The intergenerational associa-
tion in occupational SES is nearly three times larger for nongraduates (b0 = 0.23)
compared to college graduates (b1 = 0.08). This difference (b1 − b0 = −0.15) is sta-
tistically significant and identical to the differences for income mobility. Yet again,
this result disappears after correcting for selectivity. In models 1–4, all estimates of
the difference in mobility for college graduates and nongraduates are nearly zero
and statistically insignificant.

The impact of correcting for selectivity is also illustrated in Figure 2. Each panel
plots the effect of parental SES for college graduates and nongraduates. The rows of
the three panels show the pattern for the three mobility outcomes. The panels on the
left represent model 0 (i.e., the model not correcting for unobserved heterogeneity);
the slopes from model 1 (the standard endogenous switching model that corrects for
selectivity) are on the right. The slope for college graduates is steeper than the slope
for nongraduates after correcting for unobserved heterogeneity. The significantly
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Figure 2: Predicted slopes for college graduates and nongraduates in log income, income ranks, and Duncan’s
SEI with and without correction for selection on unobserved variables. Note: Selectivity-corrected estimates
are based on the standard switching model (model 1). Gray diagonal line represents the identity line.

smaller estimated average return to a college degree (i.e., the distance between
the two slopes) in model 1 is also clear. These findings clearly suggest that the
conventional approach severely overstates the causal returns to a college degree.

Table 3 reports the derived causal effects of a college degree for college graduates
and nongraduates. Following the econometric literature, we refer to these effects as

sociological science | www.sociologicalscience.com 260 March 2026 | Volume 13



Zheng et al. Is College Really “the” Equalizer

Table 3: Average causal effects of college by labor market outcome for college graduates and nongraduates.

Treatment Effect Income (Log) Income (Ranks) Occupation SES

ATT (graduates) 1.009* (0.225) 0.338* (0.081) 31.02* (5.47)
ATU (nongraduates) −0.030 (0.747) 0.057 (0.275) 1.091 (14.61)

Note: † p < 0.10; * p < 0.05. Estimates based on standard endogenous selection model (Model 1). ATT
refers to the average treatment effect on the treated (i.e., college-degree holders); ATU refers to the average
treatment effect on the untreated (i.e., those without a degree).

treatment effects, where completion of a college degree is the treatment. Echoing
Carneiro et al. (2011) results for white men, the causal effect of a college degree
is large and statistically significant for graduates but negligible for those without
a degree. Completing a college degree appears to confer about a 100 percent
premium on family income for those who graduate; for nongraduates, the family
income premium is almost zero. The same pattern is observed for income ranks
and occupation. These patterns are consistent with differential selectivity in college
attainment: under current conditions, white men who complete college benefit
substantially from doing so, whereas those who do not complete college are, on
average, selected on traits that make their returns to a degree relatively modest.
This finding contrasts with some prior evidence suggesting that those least likely to
attend college stand to benefit the most (Brand and Xie 2010). Instead, our results
align with Breen, Choi, and Holm (2015), who similarly found that individuals who
did not earn a college degree would have experienced limited gains had they done
so. Taken together, our findings indicate that, given the current pattern of selection
into college graduation, expanding enrollment to those who currently do not enroll
would not dramatically increase average returns among that group.

We conducted several robustness analyses, all of which corroborate our main
finding that college is not an equalizer. First, to ensure that missing information
on parents’ income and SEI did not impact our results, we imputed missing values.
As shown in the online supplement Table A2, the results are virtually identical
to our main findings, suggesting that differences in samples are not driving our
results. Second, in the online supplement Table A1, we report estimates for log
income without truncating log income at the first and 99th percentiles. Our main
finding persists: college is not an equalizer. In fact, this analysis produces an even
stronger effect of SES for those with a college degree. We interpret this more extreme
pattern as resulting from the sensitivity of the elasticity to outliers. Third, as we
described earlier, we tested the robustness of our results to lacking support in the
propensity to obtain a college degree. Trimming the propensity by either five or 10
percent at the tails had little effect on any of the results we report (see the online
supplement Tables A3–A5). Fourth, given prior findings on the un-equalizing
effects of advanced degrees (Torche 2011), we re-estimated the models restricting
the college sample to individuals without a graduate or professional degree. The
overall pattern of results remains similar (see the online supplement Table A9).8

sociological science | www.sociologicalscience.com 261 March 2026 | Volume 13



Zheng et al. Is College Really “the” Equalizer

Discussion

Whether college serves as a “great equalizer” is a central concern in stratification
research. Seminal studies found weaker intergenerational associations in occupa-
tional status and earnings for college graduates than for nongraduates (Hout 1984,
1988; Torche 2011). More recent work, however, suggests that this pattern may
largely reflect selection into college based on characteristics that differ systematically
between graduates and nongraduates (Karlson 2019; Zhou 2019; Yu and Elwert
2025; Yu and Zhao 2025). These studies primarily adjust for observed characteristics;
none directly account for the influence of unobserved traits. Our study is the first
to correct for selection on both observed and unobserved characteristics. Using
an established instrumental-variable approach, we find no difference in intergen-
erational SES associations between graduates and nongraduates. This conclusion
holds whether SES is measured by income rank, log income, or occupational status.

Our study contributes to a growing body of work addressing the selection
challenge in estimating college’s role in intergenerational social mobility—an unre-
solved debate in sociology. Our findings broadly align with Witteveen and Attewell
(2017), Zhou (2019), Yu and Elwert (2025), and Yu and Zhao (2025), most of which
use the same data and correct for selectivity on a rich set of observed variables.9

In fact, our results for the intergenerational association in income ranks are nearly
identical to those reported for men by Zhou (2019). On the other hand, Karlson’s
(2019) study—which relies on inverse probability weighting with a comprehensive
list of observed variables also using the same data—suggests that education has
an equalizing effect. These discrepancies underscore the merit of our approach:
rarely, if ever, is the full universe of relevant control variables known or adequately
measured, and the strategies for adjusting for them are numerous. By explicitly
accounting for unobserved sources of selectivity, our approach offers an important
new path in a multiverse of the “garden of forking paths,” with the hope to move
the literature toward a more definitive answer over time (Young 2018; Engzell and
Mood 2023).

It is important to distinguish the question of whether college is valuable from
whether it functions as an equalizer. We show that, on average, a degree yields
substantial returns and individuals from disadvantaged backgrounds benefit from
these returns about as much as their more advantaged peers. This finding aligns
with previous research demonstrating that college is central to accessing stable
employment, high incomes, and prestigious occupations in the United States (Hout
2012; Autor 2014; Bloome et al. 2018) and internationally (see, e.g., Psacharopoulos
and Patrinos 2004).

At the same time, our results suggest that—at least among white men in the
NLSY79 cohort—college disproportionately attracts students who already possess
traits highly rewarded in the labor market, especially among those from low SES
families. These traits—often not easily observable or measurable in surveys—
include cognitive ability (Deary et al. 2007; Allensworth and Clark 2020; O’Connell
and Marks 2021), aspirations (Sewell et al. 1969; Morgan 2004), and personality
attributes (Tross et al. 2000; Furnham et al. 2003; Cucina and Vasilopoulos 2005;
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Komarraju et al. 2009; Poropat 2009; Trapmann et al. 2007; Corazzini et al. 2021;
Mammadov 2021).

As with any analysis using IVs, our approach relies on the strong assumption
that the instruments influence long-term socioeconomic outcomes only through
their effect on college attainment. From a sociological perspective, the exclusion
restriction may seem particularly vulnerable when instruments reflect local labor
market conditions during adolescence. For example, fluctuations in the state-level
youth unemployment rate at age 17—a commonly used IV—could affect later-life
outcomes not only through college graduation but also via other channels such as
social capital or migration. Although these concerns cannot be entirely dismissed,
our sensitivity analyses show robust results: sequentially omitting instruments
leaves the results unchanged, and indirect exclusion checks on migration and adult
social capital show no systematic evidence that the instruments operate through
these pathways. Together, these findings indicate that our results are not driven by
any single instrument—including those for which the exclusion restriction may be
most debatable. The generalizability of our conclusions is somewhat limited because
valid instruments could be reliably constructed only for a sample of white men born
between 1957 and 1964. Nevertheless, using the same data, we closely replicate
prior uncorrected estimates for this group that portray college as an equalizer.
This consistency highlights the importance of understanding how unobserved
selectivity drives mobility outcomes within this subpopulation. Limitations in
sample size also prevented us from examining whether the effects of college vary
by type of institution, degree length, or field of study—factors that may influence
intergenerational mobility (Davies and Guppy 1997; Goyette and Mullen 2006;
Dillon and Smith 2016; Chetty et al. 2020; Ciocca Eller 2023; Leukhina 2023). As
more comprehensive data become available, future research could build on our
findings by testing whether the patterns we observe differ by gender, race and
ethnicity, across birth cohorts, and over time. Such work could also extend our
analysis to other countries to investigate how cultural, institutional, and policy
contexts shape the impact of college education on intergenerational mobility (van
de Werfhorst 2024).

In short, our results do not call into question the value of college for those who
complete a degree; rather, they show that under current patterns of selection, the
next individuals induced into college graduation would be unlikely to experience
large returns. At the same time, for higher education to fulfill its promise as a
true equalizer, successful college completion—and the traits that make completion
likely—must become less dependent on family background. Only under such con-
ditions would expanding college attainment meaningfully reduce intergenerational
inequality.

As a primary gateway to socioeconomic opportunity, college education plays a
central role in social stratification, yet mounting evidence shows that class-based
inequalities constrain its meritocratic potential (Laurison and Friedman 2016; Rivera
and Tilcsik 2016; Friedman and Laurison 2019). Our analysis leads to a clear, sober-
ing conclusion: among white men of the late Baby Boomer generation, education
does not function as the great equalizer it is often assumed to be. We found no
meaningful difference in intergenerational mobility between college graduates and
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nongraduates. From a policy perspective, this underscores that without targeted
support to help low-SES students access and persist in college, higher education is
unlikely to overcome the entrenched advantages of family background.

Notes

1 Zhou’s (2019, P. 477) sensitivity analysis examines the hypothetical scenario in which
selection on an unobserved confounder is as strong as the selection on the covariates
included in his model, including cognitive ability. The results suggest that obtaining a
college degree could have a disequalizing effect, rather than an equalizing effect—that is,
parental background might exert a stronger influence on those with a college degree than
those without one. In sum, the analysis assumes that the impact of unobservables is as
strong, but not stronger, than the observables. It is important to note that the explanatory
power of the observed covariates accounts for only 5–10 percent of the variance in the
outcome variables.

2 For completeness, we can also consider negative selection among college graduates,
ρe1,u < 0; however, this would imply a perverse scenario in which the SES outcomes of
college graduates would be lower than those of the average person in the population
(see Mare and Winship 1987).

3 Expanding the sample to these groups was not feasible because the replication file
provides instrumental variables only for counties where only white men were sampled.
Although this limitation constrains the generalizability of our findings, the same sample
has been widely used in prior research on the relationship between a college degree and
intergenerational mobility. As we demonstrate later, our uncorrected estimates closely
replicate the equalizing pattern documented in earlier studies. Moreover, most recent
mobility studies divide samples by race and gender (e.g., Torche 2011; Zhou 2019) and
find that gender differences are relatively modest (Torche 2011; Karlson 2019).

4 This specification is robust to heterogeneous first-stage effects (Heckman and Vytlacil
2005; Carneiro, Heckman, and Vytlacil 2011). That is, the model remains valid even if
the instruments affect the two groups differently. For example, tuition might influence
college completion primarily for children from low-SES families, low-SES groups may
be less sensitive to college proximity, or different SES groups might respond differently
to unskilled wage shocks. In such cases, the model’s estimates would be unaffected.

5 There is near-perfect agreement between our college variable and that of Carneiro,
Heckman, and Vytlacil (2011), with only about 2.5 percent of cases classified differently.
Goodman and Kruskal’s gamma coefficient is 0.99.

6 For occupational mobility (online supplement Table A5), the standard endogenous
switching model shows a pattern consistent with college as an equalizer, even if it is
not statistically significant. However, this pattern does not appear in the polynomial
specifications or in the semi-parametric model, suggesting that our main findings are
robust despite potential issues with limited support.

7 For each mobility outcome, parental SES and child’s SES are on the same scale, meaning
that the theoretical range for the coefficient capturing their relationship is [-1,1]. This
allows the magnitude of the SES effect to be directly compared across the three outcomes.

8 The only exception is the occupational SEI model, where excluding those with advanced
degrees leaves the intergenerational association for college graduates essentially un-
changed at zero. We note this for completeness but do not pursue it further here.
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9 All of these studies but one (Witteveen and Attewell 2017) have results from the NLSY79
data.
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