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Appendix A. Approaches to Specifying Race and Ethnicity 

Appendix A Section 1. Self-Identified Race and Ethnicity Measures 

The 1979 wave of the National Longitudinal Survey of Youth asked respondents “What 

is your origin or descent?” and presented a list of more than two dozen responses, of which they 

could select up to six. The list of responses is shown in Panel A of Table A1. All but 107 

respondents answered this question; the nonresponses include one person who refused to answer, 

11 invalid skips, and 98 people who responded they did not know their origin or descent. 

In the 2002 survey wave, following updated federal government standards, respondents 

were first asked whether they were of Hispanic, Latino, or Spanish origin (yes/no), and then 

asked in a separate question to indicate “what race or races do you consider yourself to be?” by 

marking all that applied from a list of six options, with a seventh option that interviewers could 

use to code “respondent refuses to classify race except as Hispanic/Latino.” These data are 

available for download from the NLSY Investigator site as a dichotomous variable for the first 

Hispanic/Latino question and a series of seven dichotomous variables for each race category. 

Sample sizes for these groups by gender are shown in Appendix Table A1. Sixty-one percent of 

the original respondents were interviewed in 2002 (7,723 of 12,686). 

As all analysts working with these data do, we faced a series of decisions about how to 

operationalize the self-identification 1979 data. The raw data are available through the NLS 

Investigator site as six separate variables: the first variable contains respondents’ first self-

identified category from the list of 30 options, the second variable contains the second self-

identified category, and so on, for up to six possible self-identified categories per person. From 

these variables, we created thirty category-level dichotomous variables coding for “respondent 

self-identified as [category] in any of the six possible responses.” After generating these 
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variables, we faced the empirical and theoretical decision points that we discuss in the body of 

the paper, namely: multiracial categorization; Hispanic categorization; aggregation (due to small 

cell sizes); and choosing the variable metric. We also faced decisions about the number of 

parameters; the number of model degrees of freedom matters for its relative comparison to other 

measures because we evaluate the performance of each race/ethnicity measure using penalized fit 

statistics (AIC and BIC). Unlike most researchers, we did not have to choose just one approach 

to making these decisions, as our project is concerned with evaluating the relative performance 

of many measures. When researchers do have to choose one approach, explicit justification of 

their preferred strategy is important given that different operationalization schemes can produce 

quite different results in terms of statistical fit, substantive conclusions, or both. 
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Appendix Table A1. Sample Sizes by Self-Identification Category 

Note: Columns do not sum to total survey sample size because respondents could select multiple categories. See user's guide for 
information on the artificially inflated number of respondents self-identifying as “Native American” in 1979 because they 
believed this category was intended to include anyone who was born in America. Category labels shown are those presented to 
respondents in the survey. 

We developed approaches to span different possible responses to the key decision points, 

resulting in the ten unique approaches shown in Table 2, Panel A in the main text. We developed 

approaches that use different metrics (e.g, a mutually exclusive categorical variable vs. a series 

of non-mutually exclusive dichotomous indicators), different approaches to multiraciality (e.g., 

one “multiracial” category vs. counting each response with non-mutually exclusive indicators), 

and different approaches to Hispanic origin responses (e.g., including a Hispanic category as 

mutually exclusive from race categories vs. a dichotomous indicator for Hispanic origin 

alongside the race categories).  
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Although we tested many different specifications, even more approaches are possible: we 

quickly realized that these decision points are interlocking and that changing the “order of 

operations” in which we applied decision rules could result in exponential different possibilities. 

Table A2 depicts the specific decisions we confronted using the NLSY79 data, which intertwine 

and affect each other. For example, one could aggregate categories with small cell sizes either 

before or after creating an indicator for multiracial responses; if you first aggregate categories 

and then tally multiracial responses as only those that cross the aggregated categories, you will 

have fewer multiracial respondents than if you first count all multiple responses and only then 

aggregate small categories into the residual for remaining participants. 

Appendix Table A2. Intertwined Decision Rules for Coding Multiple Responses 

Note: Columns are not shown in any particular order. 

Given the number of potential combinations implied by the various category options 

shown in Table A1 and decisions points in Table A2, it is not feasible for us to empirically 

evaluate every possible approach, but we do test a wide range of approaches, each of which 

represents the consequences of changing one particular decision compared to another nearly 

identical approach. In the interests of contributing to transparent science, we describe in detail 

each approach we tested below. Further, we share Stata code for others to adapt for their own 

projects; each of these approaches corresponds to code in the replication file. 
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The ten approaches to operationalizing self-identification in 1979 are grouped into three 

“families” of approaches. Across all approaches, we established a minimum sample size of 25 

women and 25 men. Categories with fewer than 25 men or women were deemed too small for 

analysis and are incorporated into a residual category, as described below. Also across all 

approaches, if a respondent was recorded as “none” but also had at least one response recorded 

among the other (six) indicator variables, we recoded their observation to drop the “none” 

identification in the interests of logical consistency (we suspect these cases were due to data 

entry errors). 

The first two families of approaches have corresponding 2002 versions, allowing for 

comparison between the different years and formats of self-identification questions. The first 

family includes three approaches that approximate the 1978 screener variable. We generated 

these approaches to match the number of parameters and types of categories used by the screener 

measure, so that any differences in AIC or BIC are due exclusively to differences in how the 

questions were asked (e.g. a calculated variable vs. self-identification and 30 vs. three 

categories), rather than the number of terms in the model. Table A3 shows sample sizes for the 

original screener measure (Panel A) and both the 1979 and 2002 self-identification variables 

recoded to mimic the screener categories (Panels B and C, respectively). 

Appendix Table A3. Sample Sizes by Screener 1978 Category 

Note: Forty percent of respondents were not interviewed in 2002. 
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In Approach 1a, to approximate the three categories available in the screener variable, we 

aggregate the 1979 responses into a variable with the categories “Hispanic,” “non-Hispanic 

Black,” and “all remaining respondents.” The Hispanic category includes respondents who also 

identified multiple origins, including Black or African American ancestry. The non-Hispanic 

Black category includes those who selected multiple origins, except Hispanic origins. The 

residual category includes those who did not report Black ancestry or an Hispanic origin, 

including those who reported multiple ancestries (except Black and/or Hispanic origins), and 

missing data. We follow a similar process to aggregate the 2002 responses. 

The other two approaches in this first family highlight dichotomous contrasts with the 

two main screener categories. In Approach 1b, we aggregated the groups into a dichotomous 

variable of “Hispanic alone” and “all other respondents,” the latter of which includes multi-

origin responses and missing data. In Approach 1c, we similarly aggregated the variable into 

“Black alone” and “all other respondents.” For equal parameter comparisons, we recoded 

versions of the 1978 screener variable (dichotomizing to either Black or Hispanic) to match 

Approaches 1b and 1c as well. 

The second family of approaches approximates the federal government race/ethnicity 

categories used in the 2000 Census. The 2002 self-identification question uses this format, so by 

applying this format to the 1979 self-identification data, we can compare the 1979 and 2002 

measures holding the number of parameters and analogous responses constant. The four 

approaches within this family differ in how multiracial and Hispanic identities are incorporated. 

In generating these approaches, we faced several intertwined decision points that quickly 

multiplied the number of potential operationalizations, including how to include Hispanic and 

multiracial responses (and whether to count Hispanic origins for the purposes of defining a 
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multiracial response) and when to aggregate categories with small cell sizes. We strove to make 

consistent decisions across measures, but this was not always appropriate, as we describe below. 

Approach 2a is a mutually exclusive categorical variable that aggregates the 30 categories 

from the 1979 self-identification measure into six categories corresponding to the 2002 self-

identification measure. This approach treats aggregated Hispanic origins as equivalent to a race 

category by including it in the same variable. This approach also includes a separate mutually 

exclusive category for people who gave two or more responses. The categories for this variable 

include: White alone; Black alone; Hispanic alone or in combination with other responses; 

Multiracial; All remaining responses, including “other” alone or small sample size in 2002; and 

Missing data. The multiracial category is defined as respondents who selected two or more 

responses from the 2002 categories, aside from Hispanic (e.g., reporting Black and an Asian 

identity in 1979 is treated as multiracial; reporting Black and a Hispanic origin is not). Reporting 

a Hispanic origin and another race category or categories is not treated as multiorigin or 

multiracial because the 2002 question formatting asked about Hispanic origin in a separate 

question from the race categories, consistent with the 2000 Census standards. Further, in the 

interests of keeping the 1979 and 2002 categories as consistent as possible, we checked the cell 

sizes by gender for both the 1979 and 2002 responses. In the 2002 self-identification measure, 

several categories fell below the cell size minimum, including the categories of Asian alone, 

Native Hawaiian or Pacific Islander alone, and American Indian or Alaska Native alone. We 

tested two versions of the 1979 self-identification approach 2a: one version that matched only 

those categories that met the minimum in 2002, and one version that used all categories that met 

the minimum in 1979. We tested both versions by gender for each outcome variable. We found 

that the former version generated better BIC values for both genders on all outcomes, and better 
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AIC values in five gender-by-outcome tests (see Table A4). We therefore aggregate the 30 

categories in 1979 to the 2002 categories as described at the start of this section. 

Appendix Table A4. Model Fit Statistics for Self-Identification 1979 Approach 2a Alternative 
Specifications 

Approach 2b modifies Approach 2a by removing the Hispanic category from the 

categorical race variable and including a separate dichotomous indicator. This allows 

respondents who report both a Hispanic origin and an additional race category to be represented 

in both variables, rather than coding them in only the Hispanic category and effectively erasing 

their race responses as in Approach 2a. 

Approach 2c further modifies Approach 2b by converting all responses into a series of 

non-exclusive dichotomous indicators and eliminates the standalone multiracial category. Here, a 

1979 respondent who reported a European origin, an Asian origin, and a Hispanic origin would 

be coded one on all three dichotomous indicators for “White,” “Hispanic,” and “All remaining 

responses” (because the Asian category in 2002 falls below the sample size minimum). We also 

relaxed the minimum cell size criteria we used elsewhere in order to include American Indian 

and Alaska Native among the responses to aid in comparisons across measures (see, e.g., Figure 

1 in the main text). The sample sizes shown in Table A1 for 2002 reflect American Indian or 

Alaska Native responses alone or in combination; when considering only monoracial responses, 

as is necessary in the mutually exclusive categorical approaches, there are 21 men and 38 women 
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who self-identified as American Indian or Alaska Native alone in 2002. Thus, Approaches 2a 

and 2b do not include a separate American Indian or Alaska Native category but Approach 2c 

does. 

Approach 2d adapts Approach 2c by adding an additional dichotomous multiracial 

indicator. This means that multiple responses are represented in two ways: each response is 

counted in the dichotomous variables for each category they select, and there is an additional flag 

for multiple responses, therefore measuring whether accounting for a shared “multiracial” 

experience adds explanatory power to the model, in addition to the experience of identifying 

with each particular race or origin category. Here, “multiracial” for the 2002 specification or 

“multiorigin” for 1979 is defined as selecting responses that cross more than one 2000 Census 

race category, aside from Hispanic origin (e.g., reporting Italian and Black would be coded as 

“multiracial,” but Italian and Cuban would not be coded as “multiracial” in this approach). 

The third family of approaches consists of the most disaggregated versions of the 1979 

self-identification responses. A corresponding version using 2002 is not possible due to the 2002 

question format; the most disaggregated version possible for 2002 corresponds to the second 

family of approaches. In this third family, we aim to use as many categories as possible given 

sample size constraints, allowing this high level of detail to capture nuance in respondents’ 

reported ancestries or origins beyond what is possible with the 2002 self-identification measure. 

Approach 3a is a mutually exclusive categorical variable that includes the 15 categories 

that surpass the cell size criteria as “ancestry/origin category alone;”1 all responses below the cell 

size minimum are aggregated into a 16th category for “All remaining responses,” those selecting 

multiple ancestries or origins are coded as the 17th category of “multiorigin,” and there is one 

1 These groups are: Black; English; French; German; Native American; Irish; Italian; Cuban; Mexican; Mexican-
American; Puerto Rican; Other Hispanic; Polish; Portuguese; and American. 
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final category for missing data. Because this variable uses a mutually exclusive categories, it was 

technically necessary to define “multiple categories” as those selecting two or more responses of 

any kind, including two or more responses that might not intuitively “seem” multiracial, such as 

two European origins. However, while we might not feel that a respondent who selected English 

and Irish is multiracial, for example, they cannot be coded in both categories simultaneously in a 

mutually exclusive categorical variable. One alternative approach would be to create multiple 

multiorigin categories, such as “multiple European categories,” “multiple Asian categories,” and 

“multiple Hispanic categories,” and “multiple origins spanning 2000 Census categories,” which 

we considered. Ultimately, we did not pursue this alternative for several reasons. First, it would 

add several additional parameters to the approach, which is already at a disadvantage in the 

penalized model fit statistics because it is one of the least parsimonious approaches amongst all 

the measures by a wide margin. Second, it departs substantially from the question format as 

originally presented to respondents. Third, it would be less consistent with the decision rules we 

apply to the 2002 self-identification measure, which cannot produce different “multiorigin” 

categories. Finally, the alternative approach would implicitly suggest that some groups “should” 

be aggregated together, when the degree of intergroup heterogeneity might be high; indeed some 

categories that are not aggregated together have more similar outcomes on our dependent 

variables than the categories they would be aggregated with based on typical assumptions. Of 

course, many of these considerations inspire their own empirical questions, and future research 

should further explore these issues.  

Approach 3b adapts Approach 3a by changing the metric from a mutually exclusive 

categorical variable to a series of dichotomous indicators, and by accounting for multiple origins 

differently. Each dichotomous variable indicates whether respondents selected the category in 
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any of their up to six ancestries or origins. A final dichotomous variable aggregates “all 

remaining respondents,” including those who selected “Other” alone or selected a category that 

falls below the sample size minimum. When generating this approach, we tested the relative 

performances of using the 15 categories that appear in Approach 3a (those with sample sizes 

large enough when excluding respondents who selected multiple categories) compared to using 

the 21 categories that surpass the sample size criteria regardless of other selections (including 

those who selected multiple categories). We found that for both women and men, the version 

matching the categories in Approach 3a fit better on every outcome for both women and men on 

BIC (see Table A5) and fit the data substantially better on AIC (i.e., by three to eleven points) 

for three of the five outcomes. Because of the overwhelmingly better fit of this approach, and 

because it allows comparison to Approach 3a, we used this specification. When compared to 

Approach 3a, this approach accounts for multiraciality using the same distinction as between 

Approaches 2a/2b and Approaches 2c/2d: rather than creating one “multiorigin” category that is 

mutually exclusive from all other categories, the series of dichotomous variables enables each 

respondent’s data to be represented in each category they selected.  

Appendix Table A5. Model Fit Statistics for Self-Identification 1979 Approach 3b Alternative 
Specifications 

That said, we faced another difficult decision point with Approach 3b: whether or not to 

code respondents who select a Hispanic origin and one other non-Hispanic origin as multiorigin. 

We did not treat Hispanic origins as a separate “kind” of category from the other 
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ancestries/origins, because the question format as originally presented to respondents offered 

Hispanic origin options in the same list, rather than in a separate question as in the 2002 Census-

style format. Therefore, in this approach, selecting both a Hispanic origin and one other origin is 

classified as “multiorigin.” However, our approaches for operationalizing self-identification 

measures collected in 2002 do treat Hispanic selections as a separate “origin” variable that is 

different from the “race” variables, following the format of those questions. Given ongoing 

debates about how to collect data on Hispanic origins and identities, it is not surprising that our 

approaches vary based on how the data were originally collected, which changed between 1979 

and 2002. Future research should evaluate how other approaches to classifying Hispanic 

categories in the 1979 data might change the empirical performance of these measures. 

Finally, Approach 3c is identical to Approach 3b with the addition of a dichotomous flag 

for those selecting more than one category, mirroring the difference between Approach 2c and 

Approach 2d. Note that here, the “multiple categories” variable includes all instances of multiple 

categories, not just those spanning 2000 Census categories. We did test both approaches, with 

the “multiple categories” flag being limited to only those respondents who reported, for example, 

a European origin and an Asian origin. We found that the version with a dichotomous indicator 

for “multiple origins, regardless of whether they span 2000 Census categories” performs better 

on AIC and BIC for both women and men on all outcomes aside from women’s unemployment 

and men’s depression (see Table A6). Further, the AIC and BIC results using the 2000 Census 

version of multiraciality are not lower than the best-performing overall measures. Thus, we 

include the version that identifies all multiple-response observations, and either way, the final 

results do not change. 
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Appendix Table A6. Model Fit Statistics for Self-Identification 1979 Approach 3c Alternative 
Specifications 

Appendix A Section 2. Interviewer-Observed Race 

In the 17 survey waves of 1979-1986 and 1988-1998, interviewers recorded their 

perception of the respondents’ race and ethnicity, in three categories: Black, White, and Other. 

Interviewers could select only one response per participant per year. No classifications were 

recorded for the 1987 wave, when all interviews were conducted by telephone (though 

classifications were recorded for some interviews that were completed by phone in other years). 

In our analyses, we test three approaches to operationalizing these data for each category, 

resulting in nine total specifications. Each approach aggregates the previous approach into fewer 

categories, as described below. 

The first observed race approach is a continuous variable for the percent of survey waves 

in which interviewers recorded their classification of the respondent as Black, Other, or White, 

divided by ten to aid interpretation of regression coefficients (i.e. a value of 1 indicates 10 

percent of survey waves). We considered using a simple count variable, either in addition or 

instead of this percentage approach, but opted not to for reasons we describe below. 

The second observed race approach is a categorical variable that aggregates the percent 

of survey waves approach into deciles. For example, a value of seven indicates participants were 

observed to be Black, Other, or White in 70-79 percent of survey waves. This specification 
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allows for non-linearities in the relationship between how respondents were perceived racially by 

interviewers and the outcome of interest. We also considered aggregating the percentages into 

smaller buckets, such as quintiles, but wanted to avoid interpretations that resembled biological 

attributions of blood quantum (e.g., one-quarter Black, one-half White, etc.). 

The third observed race approach consists of a categorical variable with three categories 

corresponding to “always, ever, or never observed by interviewers as [Black/Other/White].” This 

approach adapts the second approach, above, but aggregates the middle categories into one. For 

example, respondents who interviewers did not classify as Black in any survey wave are “never 

observed as Black,” respondents classified as Black in at least one survey wave are “ever 

observed as Black,” and respondents who interviewers classified as Black in all survey waves are 

“always observed as Black” in this scheme. Theoretically, this approach is useful for determining 

whether a “one-drop rule” for classification is in effect; if so, then estimates for the “ever” 

category will be indistinguishable from estimates for the “always” category. Alternatively, 

outcomes for people with ambiguous or inconsistent racial classification could be better, worse, 

or in between their consistently classified counterparts. See Guluma and Saperstein (2022) for a 

similar analysis using interviewer classifications in Add Health. We show the cross-classification 

of this observed race approach with 1979 Approach 3b in Table A7, which demonstrates 

considerable variation by self-identification in how respondents were perceived by interviewers 

and motivates our dual-measure approaches shown in the main text. 
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Appendix Table A7. Percent of Respondents Interviewers Always, Ever, and Never Observed to 
be Black, Other, and White, by Self-Identification 1979 Approach 3b 
Panel A. Women 

Panel B. Men 

Note: Values are row percentages within Black, Other, and White categories. Rows are arranged in the order shown in Figure 2 to 
facilitate ease of comparison. 

A key decision point facing analysts using the interviewer-observed race data is whether 

to use all 17 waves of data, as we did, or to use just one wave, such as 1998, the last year for 

which observed race is available (and the closest in time to when our outcomes are measured). 

We decided to use all 17 years because the ability to detect fluctuations in how interviewers 

assigned race to each respondent is a unique aspect of these measures that could matter for 

inequality outcomes (see, e.g., Saperstein and Penner 2012). However, using just one wave of 

data could be justifiable if it is closest to the year of data collection to the measured outcome(s); 
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a single year of classification data also allows models to include interviewer fixed effects, which 

could improve model performance.  

We tested the performance of one approach to including the 1998 interviewer-observed 

race data (one dichotomous variable each for “observed [Black/Other/White] in 1998”, with each 

model containing one of the three), both with and without interviewer fixed effects, across all our 

outcome variables and split by gender, resulting in 60 tests (two fixed effects options * two 

genders * three race measures * five outcome variables). Comparing fit statistics for the versions 

with and without fixed effects, we find that the versions without fixed effects perform better on 

AIC in 21 out of 30 comparisons, and perform better on BIC in all 30 comparisons (Table A8). 

This suggests that accounting for variation between interviewers (i.e., in how they judge racial 

classification) generally does not sufficiently improve model fit for our outcomes of interest to 

warrant using this approach. Future research could also evaluate the performance of a categorical 

version of these data with three categories (Black, Other, and White) for the 1998 interviewer 

observations, rather than dichotomous variables for each individual category.  
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Appendix Table A8. Model Fit Statistics for Alternative Observed Race Measure Specifications: 
1998 With and Without Interviewer Fixed Effects 
Panel A. Observed Black

Panel B. Observed Other

Panel C. Observed White

We also compared fit statistics from the 1998 alternative without interviewer fixed effects 

to the “percent of waves observed by interviewer as [Black/Other/White]” approach in the main 

analyses, which uses the same number of parameters (one). The approach we use in the main 

analyses performs better in 16 out of 60 comparisons on AIC and 17 instances on BIC (across 

gender) and the two measures tie in four instances on AIC and two instances on BIC (Table A9). 

Many of these comparisons suggest the two options provide equivalent results (i.e., within one or 

two points of each other). However, when the “percent of waves observed [Black/Other/White]” 

approach does perform best, it is by a larger magnitude (up to 31 points vs. up to 7 points). These 

results support our decision to use multiple waves of observed race data in our main analyses. 
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Appendix Table A9. Model Fit Statistics for Alternative Observed Race Measure Specifications: 
1998 Without Interviewer Fixed Effects 
Panel A. Observed Black

Panel B. Observed Other 

Panel C. Observed White 

Finally, researchers might consider using a straightforward count of the number of survey 

waves interviewers classified participants as Black, Other, or White. However, this approach 

does not account for missing waves of data. For example, a respondent could have only five 

years of interviewer observations recorded and in all five the interviewers classified them as 

White. In terms of how many times they were classified as White, this respondent would be 

empirically indistinguishable from a respondent with 17 waves of data, in five of which 

interviewers classified them as White, and in 12 of which interviewers classified them as Black. 

Thus, we do not encourage researchers to use a simple count measure for these data. 
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Appendix B. Fit Statistics by Outcome and Gender 

Appendix B Section 1. AIC and BIC comparisons 

Appendix Table B1. Wage Analyses Fit Statistics, by Gender 

Note: Actual values shown for best fit statistics, bolded, by gender and fit statistic. All other fit statistics are shown 
as distance from the lowest fit statistic. 

Appendix Table B2. Salary Analyses Fit Statistics, by Gender 

Note: Actual values shown for best fit statistics, bolded, by gender and fit statistic. All other fit statistics are shown 
as distance from the lowest fit statistic. 
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Appendix Table B3. Unemployment Analyses Fit Statistics, by Gender 

Note: Actual values shown for best fit statistics, bolded, by gender and fit statistic. All other fit statistics are shown 
as distance from the lowest fit statistic. 

Appendix Table B4. Depression Symptoms Analyses Fit Statistics, by Gender 

Note: Actual values shown for best fit statistics, bolded, by gender and fit statistic. All other fit statistics are shown 
as distance from the lowest fit statistic. 
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Appendix Table B5. School Discipline Analyses Fit Statistics, by Gender 

Note: Actual values shown for best fit statistics, bolded, by gender and fit statistic. All other fit statistics are shown 
as distance from the lowest fit statistic. 

Appendix B Section 2. Cross-Validation Benchmarks 

Appendix Table B6. Wage Analyses Fit Statistics, Cross-Validation, by Gender 

Note: Values are the percent improvement of the RMSE from five-fold cross-validation compared to the constant-
only benchmark. The largest improvement within gender is bolded. 
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Appendix Table B7. Salary Analyses Fit Statistics, Cross-Validation, by Gender 

Note: Values are the percent improvement of the RMSE from five-fold cross-validation compared to the constant-
only benchmark. The largest improvement within gender is bolded. 

Appendix Table B8. Unemployment Analyses Fit Statistics, Cross-Validation, by Gender 

Note: Values are the percent improvement of the RMSE from five-fold cross-validation compared to the constant-
only benchmark. The largest improvement within gender is bolded. 
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Appendix Table B9. Depression Symptoms Analyses Fit Statistics, Cross-Validation, by Gender 

Note: Values are the percent improvement of the RMSE from five-fold cross-validation compared to the constant-
only benchmark. The largest improvement within gender is bolded. 

Appendix Table B10. School Discipline Analyses Fit Statistics, Cross-Validation, by Gender 

Note: Values are the percent improvement of the RMSE from five-fold cross-validation compared to the constant-
only benchmark. The largest improvement within gender is bolded. 
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Appendix C. Full Regression Tables for Single Measure Analyses 

Appendix C Section 1. Self-identification 1979 Models 

Appendix Table C1a. Women’s Wage Regression Analyses by Specifications of Self-Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C1b. Women’s Wage Regression Analyses by Specifications of Self-
Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C2a. Women’s Salary Regression Analyses by Specifications of Self-Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C2b. Women’s Salary Regression Analyses by Specifications of Self-
Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C3a. Women’s Unemployment Regression Analyses by Specifications of Self-Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C3b. Women’s Unemployment Regression Analyses by Specifications of Self-
Identification 1979  

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C4a. Women’s Depression Regression Analyses by Specifications of Self-Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C4b. Women’s Depression Regression Analyses by Specifications of Self-
Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C5a. Women’s School Discipline Regression Analyses by Specifications of Self-Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)

sociological science | www.sociologicalscience.com S34 PUBMONTH 2026 | Volume 13



Williams-Baron and Saperstein Roadmap for Inequality Research

Appendix Table C5b. Women’s School Discipline Regression Analyses by Specifications of 
Self-Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C6a. Men’s Wage Regression Analyses by Specifications of Self-Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C6b. Men’s Wage Regression Analyses by Specifications of Self-Identification 
1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C7a. Men’s Salary Regression Analyses by Specifications of Self-Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C7b. Men’s Salary Regression Analyses by Specifications of Self-Identification 
1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C8a. Men’s Unemployment Regression Analyses by Specifications of Self-Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C8b. Men’s Unemployment Regression Analyses by Specifications of Self-
Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C9a. Men’s Depression Regression Analyses by Specifications of Self-Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C9b. Men’s Depression Regression Analyses by Specifications of Self-
Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C10a. Men’s School Discipline Regression Analyses by Specifications of Self-Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C10b. Men’s School Discipline Regression Analyses by Specifications of Self-
Identification 1979 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix C Section 2. Self-identification 2002 Models 

Appendix Table C11. Women’s Wage Regression Analyses by Specifications of Self-Identification 2002 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C12. Women’s Salary Regression Analyses by Specifications of Self-Identification 2002 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C13. Women’s Unemployment Regression Analyses by Specifications of Self-Identification 2002 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C14. Women’s Depression Regression Analyses by Specifications of Self-Identification 2002 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C15. Women’s School Discipline Regression Analyses by Specifications of Self-Identification 2002 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C16. Men’s Wage Regression Analyses by Specifications of Self-Identification 2002 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C17. Men’s Salary Regression Analyses by Specifications of Self-Identification 2002 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C18. Men’s Unemployment Regression Analyses by Specifications of Self-Identification 2002 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C19. Men’s Depression Regression Analyses by Specifications of Self-Identification 2002 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C20. Men’s School Discipline Regression Analyses by Specifications of Self-Identification 2002 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix C Section 3. Observed Race Models 

Appendix Table C21. Women’s Wage Regression Analyses by Specifications of Observed Race 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C22. Women’s Salary Regression Analyses by Specifications of Observed Race 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C23. Women’s Unemployment Regression Analyses by Specifications of Observed Race 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)

sociological science | www.sociologicalscience.com S58 PUBMONTH 2026 | Volume 13



Williams-Baron and Saperstein Roadmap for Inequality Research

Appendix Table C24. Women’s Depression Regression Analyses by Specifications of Observed Race 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C25. Women’s School Discipline Regression Analyses by Specifications of Observed Race 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C26. Men’s Wage Regression Analyses by Specifications of Observed Race 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C27. Men’s Salary Regression Analyses by Specifications of Observed Race 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C28. Men’s Unemployment Regression Analyses by Specifications of Observed Race 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C29. Men’s Depression Regression Analyses by Specifications of Observed Race 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C30. Men’s School Discipline Regression Analyses by Specifications of Observed Race 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix C Section 4. Screener Models 

Appendix Table C31. Women’s Wage Regression Analyses by Specifications of Screener 1978 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C32. Women’s Salary Regression Analyses by Specifications of Screener 1978 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C33. Women’s Unemployment Regression Analyses by Specifications of 
Screener 1978 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C34. Women’s Depression Regression Analyses by Specifications of Screener 
1978 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C35. Women’s School Discipline Regression Analyses by Specifications of 
Screener 1978 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C36. Men’s Wage Regression Analyses by Specifications of Screener 1978 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C37. Men’s Salary Regression Analyses by Specifications of Screener 1978 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)

sociological science | www.sociologicalscience.com S72 PUBMONTH 2026 | Volume 13



Williams-Baron and Saperstein Roadmap for Inequality Research

Appendix Table C38. Men’s Unemployment Regression Analyses by Specifications of Screener 
1978 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C39. Men’s Depression Regression Analyses by Specifications of Screener 
1978 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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Appendix Table C40. Men’s School Discipline Regression Analyses by Specifications of 
Screener 1978 

*p < .05, **p < .01, ***p < .001 (two-tailed tests)
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